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GTC 2025 Keyword

Token, Reasoning, Al factory, Move to Ethernet, and others.

I need to seat 7 people around a table at my wedding reception, but my parents and
in-laws should not sit next to each other. Also, my wife insists we look better in pictures
when she's on my left, but | need to sit next to my best man. How do | seat us on a round
table? But then, what happens if we invited our pastor to sit with us?

Traditional LLM Model Reasoning Model
Tokens: 439 Tokens: 8,559

‘) Reasoning On

Best Man . 7 \ Groom's Mother

Father-in-Law ( / Groom’s Father
OZ7tset 392 2,

14,000,605 He| mju 12|17 1HHe| &2

Mother-in-Law Pastor
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GTC 2025 Keyword

Token, Reasoning, Al factory, Move to Ethernet, and others.

Enterprise Al Workloads Al Factories Hyperscalers
Throughput 100GE/sec-1TB/sec 1TB/sec-50TB/sec >50TB/sec
Capacity 50TBs-100PBs 100PB-Multiple EBs 10s to 100s of EBs
Total # of GPUs <1,000 GPUs 1,000-10s of thousands of GPUs > 10s of thousands of GPUs

* Infinity Scale.
« Al-as-a-Service.

» Reference Design.

Uncomplicate Data Storage, Forever o



GTC 2025 Keyword

Token, Reasoning, Al factory, Move to Ethernet, and others.

o -X . ”»
® Reasoning Model Supercharged” Ethernet

rld’s Most Advanced Al Cloud

s and Factories

® Token

® Al Cloud / Al Factory

® Move to Ethernet

® Enterprise Application - Enterprise Al

Spectrum-X SuperNIC

® Energy Efficiency

€W CoreWeave D&A.LTechnologies Google Cloud A Meta BB Microsoft

Azure

Uncomplicate Data Storage, Forever O




GTC 2025 Keyword

Token, Reasoning, Al factory, Move to Ethernet, and others.

NVIDIA 7} o|{sioZ 2l

® Reasoning Model 0|H4-Z Infiniband Hs52t SS5HA SHEH(?)
7|12 de{Z2lo| RN = | Aot 22lgt 4= U7| T E.

® Token > 0/C/4lo) CYst =2 Lm0 Ml HIRA SIAHM Zo]

® Al Cloud / Al Factory

NESCLTEIE T

A Unified Architecture for Al Workloads
. Move to Ethernet To date, most of the industry dialog on Al has been focused on chips, computing power, and Large Language

Models. As enterprises begin to take on Al workloads, though, the challenge of connecting computing
resources and data together — both inside of and in between data centers and clouds — is going to be the
next frontier of Al innovation. In this sense, the network is going to be the key to successfully scaling out Al in

. Enterpr”se Appl"cat”on 9 Enterpr"se AI the enterprise. Under the proposed partnership, here’s how Cisco and NVIDIA intend to lead the charge:

1. NVIDIA will enable Cisco Silicon One coupled with NVIDIA SuperNICs to become part of the
NVIDIA Spectrum-X Ethernet networking platform. Cisco would be the only partner silicon included
in NVIDIA Spectrum-X. This is not only massive validation for Silicon One, but it also highlights the
centrality of Cisco technologies — including silicon, optics, and software — in the Al technology

. Energy EfﬁCienC_V landscape.

2. Cisco will be building systems that combine NVIDIA Spectrum silicon with Cisco OS software,
allowing customers to simultaneously standardize on both Cisco networking and NVIDIA
technology in the data center. Every enterprise will have a huge variety of use cases and
applications for Al in their business. By enabling customers to leverage Nvidia Spectrum Silicon
https://blogs.cisco.com/news/cisco-and-nvidia-unite-to-propel-ai-into-the-enterprise that’s specialized for back-end connectivity or Cisco Silicon One, both under a common Nexus
software stack (NX-OS and Nexus Dashboard), we will enable an exciting new level of
interoperability in the industry. o




GTC 2025 Keyword

Token, Reasoning, Al factory, Move to Ethernet, and others.

i nt
semantic Query Age
NVIDIA AI-Q Blueprint

Enterprise Files Vector Database
NVIDIA cuVS

Leaders Build
Enterprise Al

ing Storage
latforms for

Announc
Al Data P

iachi Vantara
logies rﬁ?ﬂs packard @ Hitac
o dan p&LLTechnolod HewlettP
N KA
O PURESTORAGE S7VAST \N WE

fiNetApp  NUTANDS

Compute Node

NVIDIA Blackwell
NVIDIA BlueField

NVIDIA Spectrum-X

Storage Node

NVIDIA BlueField /
ConnectX

ZF X RAL H Sif ZISHZ 0l E5F TZHE LAY

NVIDIA Cloud Partner(NCP)

FlashBlade//Exa

Performance Scale

S3 over RDMA(Fast Object)
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Al T2 HE E2} DaiAlstH

Training is just a small piece of a much larger & more complex picture

® Clear Use Case: 2%2/0/ 10 Z2Z J}55F AL2ALZ LIS 12fArgh or @I 2qApst

® Realistic Expectations: £'47/55/ ZH

® Data Readiness: 2/2/9/ LJJO/E{9} 7] LGJJOJE{ Z 2 A THIf

® Infrastructure: A/ -8/3 2 C0j 2 5t5f o/E2}0/Z| 50/

® Executive Buy-In: 7/22/ C-Level 8] X/&l2} 25}

Uncomplicate Data Storage, Forever O



Al-Ready Infrastructure
Q. What are the most important things your organization needs to do to ensure its Al infrastructure is ready
for business in 2026 and beyond?
Standardize Al platforms, infrastructure H 48.5
configurations, and deployment guardrails ’
Deeper technical insights about Al model-specific I 5.3
I 44.5
I 40.3

H| 82| {3}
® SFAFA requirements driving infrastructure choices
Better data stewardship and data integrity
management
.o_l' Better engagement with strategic infrastructure
providers
Clearer connections between business ROl and
. . I 40.0
infrastructure spending
More coordinated, cross-functional governance [IIIINIENGNGNGNGNGNGNGNGNGNGNGNN 3.5
More funding F 30.0
20 40 60

(% of respondents)

=l
o =287/
AS S5
0
Uncomplicate Data Storage, Forever o

n =600
Source: IDC's Al Infrastructure Survey, September 2024

©2025 Pure Storage
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1. Al Acceleration: Al 7{&F &2 1A
Training is just a small piece of a much larger & more complex picture

« . or/and o

Cloud Data center
Data curation Al training and inference

v

Ingestion Persistence

Processing

SEEK

|:;| pandas

Training Inference

&

SQLServer Postgre ;
Vector -

DBs elasticsearch

X dbt a
RAP)DS

Flink

Sequential Sequential Sequential & Random Random Access Random Access Sequential
Writes Writes Reads & Writes Reads Reads Reads & Writes
Small & Large Files Small & Large Files Small & Large Files Small & Large Files Small Files Small & Large Files
Varying Concurrency Varying Concurrency High Concurrency Low Concurrency High Concurrency High Concurrency
| o o | o o — | o0 =
Sl [ o] -
[ o]
[ o]
[ o]

©2025 Pure Storage Uncomplicate Data Storage, Forever o 10



1. Al Acceleration: H|Z 8219l |0|E{z{2|

Anaconda “2022 State of Data Science”

Data preparation

v

51 O/ Data cleansing
(o]

Cl|O[E] 2{2] AJZHEE

Reporting and
presentation

Data visualization

Model selection
Model training

Deploying models

©2025 Pure Storage Uncomplicate Data Storage, Forever o 11



1. Al Acceleration: §|O| E]

Per3|stence Processmg Analy3|s Inference

L)
-
[
\J

AEE 22| o] E

-
L]
-

CllojE| EfUo] hHE d5

Uh2 20l Gl0|E| ZA}

E ol
o H

Persistence Processing Analysis

Inference

o o] o o | =l=1 | o O] =
| o o] | o ol | o of | o o] oo
[ oo oo oI ool o o]

GlO|E{Erlol| AbEgl

—_

UBE M

Cl|O[E] 2{2] AlZt

—

=
HAT




1. Al Acceleration: G|O|E{ AU =E 1A 0Of| A

An real example of what goes into an Al Pipeline

[ model training ]

data operations

%ﬂsg}ifns Connect to Data Data
analysis RAW data analysis Extraction
A 4 VL
Define : ML workflow
y . Data prep & Data prep &
Architecture Data Extraction g P code o
Technologies . validation validation
A 4 A 4 -
Transformation
Derive ML Transform & Preparation Model ML training "r"a?n'?:;-/
Problem Clean code Alraining : code . ﬁnemem:
1 1 1 1
A 4 A 4
' Feature 1 i 1 |
Reduired data Feature engineering | Model ¥ | Model W
problem Engineering code Validation Validation
A 4
Data Ingestion Data pipeline Export Model /
job (batch / — code Export Model : Push to
stream) Registry

©2025 Pure Storage

Feedback | 4
Loop

Uncomplicate Data Storage, Forever O 13



1. Al Acceleration: CJ|O|E] ¢ & A2t Hds HE
Train your model in days instead of months

___________________________________________________________________________________________________________________________________________________________

any job | any protocol | any size | any object count | any processing type

Ingestion | Persistence | Processing | Training | Inference

___________________________________________________________________________________________________________________________________________________________

o2 75 2 o2 T A5
Large Files
At AE2|Z] 2t Hr 54 ¢lo]
Sl 45 & e 45 B
— g FlashBlade SEiE

A
— —_—

I

Rand S ial 2 Z2|S}A1 O] T o
oo Arg2t st elzat 2|8 17
2|2t2{0|11 St 85% ZH41E
Al workloads require multi-dimensional performance I"g' I' <|)_“-:—'|]I'"0|ﬁ 0'||L:|Z| ...%..'%%5'
©0025 Pure Storage Uncomplicate Data Storage, Forever



1. Al Acceleration: C|O|E] ¢t & A2t Hds HE

Al /HPC A& PURE ZalZ

Enterprise Aland HPC
RAG / Inference / Data Lake / ML

Al Factories
Large Scale Al Training/Inference including
Pre-processing, Training, Testing, Fine-tuning,
and Deplloyment

Enterprise
Al/ML & HPC:
Repository training,

Archive, &
Raw data

TCO Optimized

FlashBlade//E

The All-Flash Unstructured Data Repository
Up to 90% Lower Operational Cost

©2025 Pure Storage

Enterprise HPC
and EDA:
Active chip design

Enterprise Al:
Training and

projects Inference

Enterprise Ready High Performance

Vi,
8

g,

FlashBlade//S

The Unified Fast File and Object Solution
Up to 500 GB/s Throughput

Extreme
Scale End to End Al
workflows

Extreme Scale
HPC Workloads

Extreme Performance and Capacity

[/ Wy,

’// T /////////

FlashBlade//EXA

The Extreme Scale Solution for Large HPC and Al
Workloads
Up to 10+ TB/s Throughput, Exascale Capacity

Uncomplicate Data Storage, Forever O 15



1. Al Acceleration: 4|0|E{ 22| £E5} 7|&

RapidFile ToolkitS

Sot Y0y MdA2| 4 75e}

[RapidFile Toolkit]

o w2l lojEf O Y 24

ASelz| Hl0|Ef 7+ O[S &5 HM

pfind £ S¢ HIO[H A4 g5 i

ptar £ &%t H|0|& Ot710[" Z|
EDA, A&t DevOps, HPC, &€
Apache Spark, Al/ML A€

o

=

™

=Sl
=

Cl|lOJE] /2{|0]/d AlZh 714 &
Al 2L ojal 2g| 7|

PureTools vs. coreutils on the Linux kernel source

Linux = RFT = Example

Is pls pls -R -l /path/to/directory | pls -R --jsonlines /path/to/directory
find pfind pfind /path/to/files-to-delete -type f -atime +365 -print0 | prm -0
du pdu pdu -hs /path/to/directory

rm prm prm -r /path/to/dir-to-delete

chown pchown pchown -R NEWUSER:NEWGROUP /path/to/files-to-modify
chmod pchmod pchmod -R NEWPERMS /path/to/files-to-modify

cp pcopy pcopy -rfp /path/to/source/. /path/to/target

tar ptar ptar -xvf archive.tgz

Uncomplicate Data Storage, Forever 0



1. Al Acceleration: 4|O|E] 22| &2} 7|=

RapidFile Toolkit AA| 224 POC Z2} At

TE Linux Command RapidFile Tool-kit Hl
Command find /pure/6Bil_files -type f |wc - pfind /pure/6Bil_files -type f [wc -I it 2|52 HHO| “find” 2 RapidFile “pfind” H|
2242 13,6352 (9.4%) 182& (% 3AI17h) 215 4 (21500%)2 & 744 &2/

Wed Jun 14

Command rm -rf /pure/6Bil_files prm -rf /pure/6Bil_files it 2[5 HEO “rm” 1t RapidFile “prm” H| 1
A2 A|ZE 14,517& (241 9A|ZH/2F 10Y) 836 (13.9A|Zh 1218§(12100%) O/ &8 85 7441 &2/

Fri Jun iE lﬁ:ﬁﬂz

2t 2|52 B0 rm A Al
102 4ot 20| O[22 > Z2NA X =

Uncomplicate Data Storage, Forever O



2. Disaggregated Architecture: ZAFE-AEC|A]

ARYT AEAXIS B WEYAR TN > YY YEFT FYOE N5 MY U FHof EHjol £

Figure 18. DGX BasePOD configurations with up to 40 systems—DGX A100 HDR

QMB8700 S#1 QM8700 S#4

o o — e - Disaggregated %4

DGX A
‘;"

. AEB|X| HFM £EZHEM YED 22
/YIEST B3 H|of

- MH|A &8 Eg|E 237
. HIESS TOY Al FHE 2|23}

0

- &2 AE2X| A

IT = —

SN2201

©2025 Pure Storage Uncomplicate Data Storage, Forever 18



2. Disaggregated Architecture : ETH vs IB

Al QA2 0] Chst 52 A5 U IR A 5ol

Bus Bandwidth (GBps)

Al HAZE S Al QL|LIME THH] 10% AIZHIHY 2l olm|L|¥HE CHH] Failover A|ZH30% 741 &kl
130.00 1600 ' 1600
1400 ]
— ]
120.00 % 1200 I
m Ethernet 2 1000 3 0 x 'l
s = InfiniBand € o B
| £ Reduction
g 600 ’
g 400 ’
100.00
200 ‘
53
0 —
90.00 Message Size (MB) m Ethernet » InfiniBand

6MB OB B 120MB  250MB 512 1024MB .o [[FaStfeGOVeryFeducesjobcompletion time.

©2025 Pure Storage Uncomplicate Data Storage, Forever o 19



2. Disaggregated Architecture: 2 &E2|%| =2t
FlashBlade//EXA * METADATA CORE

CO_TER /////////////o/////////// - Y 6//////////// ' /////////////o/////////// - Y 6//////////// '
<H| 1111 ”:m LITTT]? r— 7/////47////////////7///////////////4///////[ 7//7/////////////////////////////////////////' 7/////47////////////7///////////////4///////[ iy,
3 : METADATA ———= e T -  —
|||||||||iﬂ|||||||| .ﬂ //////////(/_‘ M, //////////////d///////// //////////(/_‘ M, //////////////d/////////
?(IIIIIIIIPHIIIIIIIF Immmmmmmmny, - mmmimimimy . i, I, Iy

S ITE SIINIME
TG SIIIE
CTTERTE
SIS SINmE
ST RImE
SHMEAmm:
ST RIIIME
SNEme DATA

TR SR

Control

2% w1 B

L] L > o L el » 2] 2 > ° el Ll L el
URL R RO R RO R RO RO RN R O BN R R
§ 00 0800 08 00 000800 s e
l‘,l‘/ l‘/ ll/l,l‘,l‘,l/l‘/l‘/l’lll ll/l‘l‘
L] 2] » ’ 2] L] L]
URL R RO R RO R RO R R R S B R R
BN RO RO RO RO RO RO RO A O R A R RN

ORI TR

©2025 Pure Storage O Client side patches Uncomplicate Data Storage, Forever O 20



2. Engineered Al-Ready Infrastructure

FlashBlade

[////////////////// ///////////////1

RAG Platforms
with NVIDIA NIM,
DGX and OVX

FlashBlade//S
+ NVIDIA DGX or OVX

Pure Validated RAG
& Inference RAs

NVIDIA

©2025 Pure Storage

T i, |

G Wi
.L——> =]

GenAl Pod
Turnkey, Full-Stack

NVIDIA, DGX ,
Supermicro (OVX, HGX)

Automated
Deployment of
NVIDIA NIM, LLM &
Vector DBs ?

portworx:

; FlashStack

Cisco Validated
Design

FlashStack for Al

GenAl Inferencing,
MLOps & RAG

4

portworx:

ASHBLAE
]Z// I,

é//////////////////// //

| - » I B I B " " "
1 g NN N
&)

A

NVIDIA DGX
BasePOD

NVIDIA
DGX SuperPOD

AIRI® - Al-Ready

Turnkey Enterprise Al
Infrastructure

Certified Ethernet
Solution

e

portworx:

Uncomplicate Data Storage, Forever O 21
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3. Deployment Consideration

Why Containers for Al (and everything else)? . Why Kubernetes?
Al OjO|Z2tQl mf7 | A, 7HES B E > A6 Ve HAE & T2/ HYIE =N 7|8 A0l 22| SEiE / ZH|0|H 2| BE

(De facto standard)

® Portability

® Scalability ® Automated deployment and scaling

® Performant ® Resource management

® [solation ® Load balancing

® Efficiency ® Auto restart of failed containers

® Reproducibility ® CI/CD integrations

® DevOps integration ® Monitoring and logging

® Security ® On prem, cloud, or hybrid support

® Consistent environments
® Resource management

Mt gHol Cist 2| 4lo| MeY, ZEE/p2 o5t 2] 40| Mef?

©2025 Pure Storage Uncomplicate Data Storage, Forever o 22



3. Deployment Consideration

® ZiE|0|LE YT AE2(Z| 7|5 U Stateful Of ChE £ E3
® ClOJE| =3 / 3R IIS B2
® 2E| 2242C U 5t0|=2|S 2242C BF0IMO| 2FH ClOJE B2

= —/

® Ao U HOoF ML Aofet £2 H|0|H 22 Vs DAl

T
1%
O

H

—

o
=

1
oS

=

10

CEE

©2025 Pure Storage Uncomplicate Data Storage, Forever 0 23



3. Deployment Consideration

Portworx £ &35 7150/ GJO/E] 2f2] 2! HE{ T 20/X J7/8F T Z 54 Hi T

= O

Cloud-native 7|dte] M-ZZ9l
A/MLYIASESX 1=

e G al A5 CHaH mpo| T 2tol

=2 =2
® K8s 7|8t HE|0|H S &3¢

o RS 2ot AT AMH|A J[Hl
DB-as-a-Service A&

©2025 Pure Storage

Data Curation Al Training and Inference

Ingestion Persistence Processing Analysis Training Inference
§g kafka .mongoDB, Spor : o — A.
3 y b h Jupyter Alle
ﬁ @ >4°|$ Il;l Pandas ] ﬂ .v ’4@\#.‘\
“ dbt é ) & (D
Flink pthon
O elast RAPIDS 0.99

Data Protection
Protect Apps Anywhere

Data Management
Run Kubernetes in Production

DBaas Platform
One Platform for Any Database

portworx
The #1 Kubernetes Data Platform

by Pure Storage

P 1l
Any Kubernetes FO\ VMware Tanzu 2750 Azure AKS
N fi i

Service

O 5%E"r~7§H|FT @ Google Kubernetes Engine @ AmazonEKS

<«

IT
A 2
Kubernetes gy gyl
Operator Any Infrastructure I? A ) Nalk:
or Cloud Google Cloud Azure 18M Cloud $S 713
Public Clouds Private Clouds Edge

Uncomplicate Data Storage, Forever 0 24



4. Cost Optimization : Al H|2 {1

A
stg H|IE
+ HW, SW BIS + O S22l JHgt 8|8
. DY SHE U I A0|20f OF

= s b

S JHBF R 7] CI=E L) ZIZF

©2025 Pure Storage Uncomplicate Data Storage, Forever o 25



4. Cost Optimization : Al Gj|O|E] £ &t

GOJE 4% % ezt HOJE HH X 2EY [=R=T ] o HE
X8l CO|E 2 Hak \ | ololE A W atdE s ‘E%EVP% LT
Do Egold % Hi=

t
All Data —»_—> Structured Data Vlsuallzatlon . Inference
Data Store BPreparation Training

(¢ _HIOIE] o HIoIH p/ Hiol & (¢ HIOIE]
. OI%*I?_* Th= IE*I?_* Th= . OISAIZH Eh \ . OI%*I?_* Th=

A N N NNV a Y,

@ porvorx €Y FlashBlade g
UIII111111107 10700110000 10010 10070001 107701771077110711177701017710101001007001777,

One Data Platform

©2025 Pure Storage Uncomplicate Data Storage, Forever o 26



4. Cost Optimization : 2gH| &

o Y2 CLAJ YOIE 7|8 7X =2 2F MEE EF

o Ofi47] AH|Z 85% U2 U TIOIE{ME] 4T 80% 2

N f Total Annual
Account um. o returned Return
arrays DFM for 5y.  Rates(%)
Company-a 7 264 0 0%
Company-b 87 2,281 3 0.026%
Company-c 21 338 0 0% ENERGY .
CONSUMPTION -
Total 94 2,883 3

DFM Return number per 1y
ARR(Annual Return Rate) = X 100

Total DFM number

/ 5(y)

3@%
0.0002 DFM failed per 1 year

©2025 Pure Storage

0.020% (Twh)

DATA CENTER ENERGY CONSUMPTION PER YEAR

SENSITIVITY ANALYSIS (10,000 REPLICATIONS) - SCENARIO 1: MOORE'S LAW

.
§ . o
. — Potential
b Cumulative
— O .
o Energy Savings
370.5
TWh
oo 105.4 31 million US homes
6o 738 i 8 m energy for 1year
2023-2030
138 14.8 15.4 16 178 18.6 20
¢ A N PN Py PN A
— — — —_— — Energy savings opportunity based on
industry leading and current average
2023 2024 2025 2026 2027 2028 2029 2030 energy efficiency levels.
YEARS

) ESTIMATED DATA CENTER WORKLOAD ELECTRICITY . GLOBAL DATA CENTER STORAGE ELECTRICITY @ INDUSTRY LEADING GLOBAL STORAGE ELECTRICITY

Uncomplicate Data Storage, Forever o 27



4. Cost Optimization : A{H|AH

Think consumption, not capacity. Data, not storage.

Services

Tiers

Example Workloads

Minimum
Performance

Max Energy
Consumption

>Drron

Minimum
Availability

Minimum Buffer
Capacity

Minimum Commit

Minimum Term

©2025 Pure Storage

For Al

Al

Training,
inference, RAG,
machine
learning,

computer vision,

deep learning,
LLMs

30GB/s
provisioned

100 W/ GB/s
7W/TiB EUC

30GB/s
of bandwidth

Ultra Premium
In memory
daotabase: VDI, production
racle, database
SAP HANA,
Tier O database
per IBEUC | per TiB EUC
7 Watts 4 Watts
per TIBEUC | per TiB EUC
50TiB
(EUC)

Performance Capacity
Tier 1
workloads, 10T, backup &
VSI (VMs), retention, Tier 2
production database & VMs,
database, test/dev,
containers, snapshots
DR to cloud
8 MB/s 1.6 MB/s
per TiB EUC per TiB EUC
3 Watts 2 Watts
per TiB EUC per TiB EUC

=

File and Object
Premium Performance
loT data,
Imaging & rich software

media, analytics development,

S3 enabled apps

99.9999% (including planned maintenance)

25% (at all times)

200TiB
(EUC)

12 months

50 MB/s 20 MB/s
per TiB EUC per TiB EUC
4 Watts 4 Watts
per TiB EUC per TiB EUC
100 TiB 100 TiB
(EUC) (EUC)

Standard

Rapid restore,

artifact
repository

10 MB/s
per TiB EUC

4 Watts
per TiB EUC

100 TiB
(EUC)

Block & File File & Object
Information
preservation, Picture archiving
long term &
backup & communication
retention, systems (PACS),
regulatory/ surveillance
compliance video footage,
archiving, exploratory data
spinning disk analysis
replacement
0.5 MB/s 1MB/s
per TiB EUC per TiB EUC
3 Watts 2 Watts
per TiB EUC per TiB EUC
500 TiB 1500 TiB
(EUC) (EUC)
36 months

Uncomplicate Data Storage, Forever o 28



T Al #1

June 5, 2024
Pure Storage, LandingAl 0f &

LandingAl2| =& A|Z¢Q! LandinglLens™
o

27 1E, v o WEY 4 Q= AUt ARE HH BRC BB

LandingAl & CoreWeave

P R Z7|g AlH[H 2R S R

S AL A HEE H[H 22 M W2

LandingAl= 5 &0 Q1 Ty H|H EC'(LVI\/I)—E- Fol M-AFLIEE LVMZ2
Ot AlZE ClIOJE| 22| & 05 s S et AlAH st A2 Al =712 21t

58MS =0T}

November 13, 2024

Pure Storage, CoreWeave?}l 212f £E21 4l 7|= OIELHM HE =2 C’//
e Al 2SS MHIA Sl 7H3} = CoreWeave

Al 510 T{AZ U219l 20{9| S ApMCH AIS 2USHE ZIHTH ATEY 0|2 1A “30je|Ho] OjMe
I. — -

200 SANT HSS 22 2 HTHAI B2 Al Zsts
SerPE SAS 7|y 71gat A=K Al A0 %*%%' /158tS flet ZHOIL|C}H Pure Storage@to| IIE {A1S E5f nzHe
=22RE £2H S AlsoltH, 0|2 flal 2017EHRE 0|71t & AdH0||A E2 A] 27 AJSH0) BH= AE3IR] 22M2 201517 MEFSH 2 QISL|CH
HIOIHARS 2Sstd ASHH. 0¥ B2 Sof AL 2P BAES Alzlste WO & AS QHEAL
2|1 LoMe 2S5 7-|||::o 2[0 25| & A OlAH gloAAL|CEH”
Folo|B BFUR| MY 74A 98 QI 1000 7|Q 2 SILIR M L FESS A H5E HS Sl & A HASHR.
2024U0j= TEA Za12C 1000) 7|0l E 0|22 S2ia L

©2025 Pure Storage

CoreWeave 2|11 M2k 2HQIZH(CSO)
Bz1o| HIEZ(Brian Venturo)
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T Al #2 - Meta

€ puresToRAGE Engineering at Meta

Open Source Platforms Infrastructure Systems Physical Infrastructure Video Engineering & AR/VR

Al Research SuperCluster Phase 1

A Historic
Hyperscaler
Design Win

Empoweril gE( rprises with
the Cloud Operating Advantage

Meta data center POSTED ON MARCH 4, 2025 TO DATA CENTER ENGINEERING

A case for QLC SSDs in the data center

Pure Storage” has been selected by a top.
ndation of i

EEEEEEEEEE

©Meta http://ai.facebook.com/blog/ai-rsc

FlashArray flef _

7x 5x 90 75%  Zero

Lesmpowr  tassconing man Unplimed
wtoos  mansion gacy o

@® 675PB of usable storage, fronted by a cache-tier
® Providing bulk storage for production model

training - Ofoje] 3712} dH =84 <40 Clist 27 = LA AE2|X|
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